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Abstract : To develop sea surface temperature (SST) retrieval algorithms for GEO-KOMPSAT-2A
(Geostationary - Korea Multi-Purpose Satellite-2A), we compare previously known algorithms such as

Clear-sky Brightness Temperature Matchup Procedure

MCSST and NLSST methods, as well as a recently developed hybrid algorithm and a 4-band algorithm RTM (RTTOV) Temporal interval : < 30 minutes
that uses 4-channel brightness temperatures. The traditional empirical algorithms (MCSST and NLSST | UM D T R 2 - . L

methods) have been widely used in spite of their local bias according to various and time-varying nput : U ara — l irmation o ;;i’ . Spatial criteria: <_2 km_ _ _ _
atmospheric conditions. SST coefficients retrieved by these algorithms are fundamentally based on a T.p.q _— (pixel size of Himawari-8/AHI image)

regression method between satellite-observed brightness temperatures and in-situ SST measurements vertical profiles IOV Matchup Database o S y
from drifters or moored buoys. The hybrid algorithm, based on a regression method between the Pster Tskine T2ms _ e TS Drifer o0 201641~
Incremental values and a scaling method, Is applied to estimate the coefficients of Himawari-8 data as a Uome Yiom Viom - flq | — _ Simulated BT — OSTIA SST 609E~220E  2016.4.30 00990
proxy for GK-2A data. In addition, the performance of the 4-band algorithm, as another regression e

method, is tested for SST estimation using Himawari-8 data. Root-mean-square (RMS) and bias errors are
presented for each algorithm in comparison to drifter temperatures. The comparison with in-situ SST
measurements shows that hybrid SSTs have accuracies similar to the 4-band SSTs, with RMS errors are
0.55°C and 0.48°C, respectively. However, the errors of the estimated SSTs reveal, in some cases, a
significant difference between hybrid SSTs and 4-band SSTs in terms of atmospheric variables such as
moisture, wind speed, and distance from the cloud edge.
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o won AR S ., « Comparison with In-situ SST measurements showed that the hybrid SSTs had similar accuracy with the multi band SSTs, whose root-
L aDvAR Gl ekl mean-square errors (RMSEs) were 0.55°C and 0.47°C.
N e Itis important to remove the cloud pixel exactly for retrieving accurate SST data from GK2A/AMI.
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